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timestamp l [l temperature (" humnidity 4 vibration 4~ acceleration
(] | (*C) (%) (g) (a)
2025-08-07 09:03:40 23.64 77.65 0.2623 0.0364 66.64
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1. Classification

TimesNet + Swin Transformer 7|8t HE|RE g6t 22 &

1.1 Model Architecture

ZE| 2= 2= H|0|E

Ol0Ix] (jpg, png, jpeg)
MIM (csv, xIsx)

Mo|= 7=

Gradient Clipping (max_norm =10)
Label Smoothing
Early Stopping (patience =10)

DERE =2

(=1
=

— (1= o= 22 (ojnix) )

Model : Swin Transformer V2(Tiny)
input : 28 0|0|X| (shape:256*256x3)

Z3 a: AlZ EF HIE (768 XI)
[Batch, 768]

€

25t (Concatenation 1280 iI%JD
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Model : Timesnet
input : CI= MIA H|0]E (shape : seq_len x 5 X&)

£ p: MM EZ HIE] (512 X12)
[Batch, 512]

!

CEEEEE) ‘

input : a,p Z&H HE
Model : MLP 2{|0]0{ ( Mg ¥et + BatchNormid +
GELU + Dropout) 2XI2| Logit

self.fusion = nn.Sequential(
nn.Linear(768 + 512, 512),
nn.BatchNorm1d(512),
nn.GELU(),
nn.Dropout(0.3),
nn.Linear(512, 128),
nn.BatchNorm1d(128),
nn.GELU(),
nn.Dropout(0.2),
nn.Linear(128, num_classes)

"_id": {"$oid": "6a3f726509666b4c3aeb50a2" },
"file_name": "PR_DEF_OM_A_20250902-182138_01579",
"process_type": "PR",

"status": "DEF",

"accuracy": 0.874136209487915,

"timestamp": {"$date": "2026-06-27T15:49:09:422Z" }
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2. Detection
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2. Detection
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2. Detection
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